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Abstract

The objective of this research was to develop a model for predicting graduation trends
by using classification data mining techniques. Three algorithms including Naive Bayes, Decision
Tree (J48), and K-Nearest Neighbor (KNN) were used in this study. The dataset used in this research
was the academic achievement of the core courses in semester 1 of the academic year 2017
of 175 students in the Department of Business Computing, Phuket Vocational College. Three
methods comprising 5-folds cross-validation, 10-folds cross-validation, and the percentage split
of 66, were used to evaluate the model performance. The decision tree model's assessment
using 5-folds and 10-folds cross-validation revealed the model's best performance with 87.40
percent accuracy, 87.50 percent precision, 87.40 percent recall, and 86.70 percent F-measure.

Keywords: data mining, Naive Bayes, decision tree, K-nearest neighbor
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