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Analysis the selection of disciplines undergraduate students
Faculty of Science and Technology

Using classification data mining techniques
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Abstract

The objective of the study was used for data analysis the selection of disciplines undergraduate
students Faculty of Science and Technology. Using classification data mining techniques, it’s a data mining
by using data from students of Phuket Rajabhat University. By collecting data from students within the year
2017 - 2020 totaling 745 peoples, 20 attributes based on 7 aspects: program (Mathematics-Science, Art-
Math, Language-Arts, Arts-General), grade point average (math, science, art, home economic, English) And
disciplines of the Faculty of Science and Technology is the main calculation. This was prepared for the
purpose of analyzing the selection of subjects in the Faculty of Science, Phuket Rajabhat University. Using
data classification techniques in research Using a number of algorithms, IBK J4 8 Random forest random
tree, using the 5 folds and 10 folds method, the results using the 10 folds J48 algorithm, the Accuracy of
71.2752 F-measure at 0.788 is the most reliable condition. And then extract the information for research
using techniques classification in data mining students the data obtained can be used to development web

application. For selecting subject areas to study.
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N9l 20 wnauLHLNsEEY MS Gnd-adin) finsaivndauzidu A (3.00-4.00) Wluginsangy mnimn
gangula 1 C (1.00-2.49) WilugIviinenmans dunsaidvinereansta C (1.00-2.49) Wiluginmsauendnuag
wialuladsie dmndvinisnue@nldings C (1.00-2.49) Aagauisaseu ATG (@nandnnssw)

Qi 21 vnauusunsi3eu MS Gnd-adin) finsaivdauzidu A (3.00-4.00) Tilugindangy mniw
danguld 1a C (1.00-2.49) Wilugiviinenmans dunsadvineaansle C (1.00-2.49) Iuluainnisanuednuag
weluladdle frsnnidvnsnuendnliinga B (2.50-2.99) Aazanunsaliou BOS (@ iinegmansduindon)

Qi 22 vnauusunsiieu MS Gnd-adin) finsaivdaUzidu A (3.00-4.00) Tilugivdangy mniw
danguld & C (1.00-2.49) Wilgiv1inemans dunsadvinenaansle C (1.00-2.49) Iluainnisanuednuag
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waluladsio dwndvinsnuer@nlding A (3.00-4.00) lilglvadamans dlwadaemans la A (3.00-4.00)
faganunsaiseu ATM @uadaamansUssgng)

ngil 23 mnauununsEeu MS Gnd-adn) finsaindauzidu A (3.00-4.00) Wluginsangy mnimn
gangula 1 C (1.00-2.49) WilugIviinenmans dunsaivinereansta C (1.00-2.49) Wiluginnmsauendnuae
wealulagse dvindnnsanuer@nlange A (3.00-4.00) Wiluginadamans d3nadinmansla B (2.50-2.99)
flavamsniSeu BPH (@191a151504gveans)

Qi 24 vnauusuns3eu MS (Gnd-adin) finsaivdauzidu A (3.00-4.00) Wilugindangy mniw
ganguld 1 C (1.00-2.49) Wilugivinenmans dunsaivinenaansle C (1.00-2.49) lulupinnisnuednuag
wialulagea dvndgnisaue1@nlainga A (3.00-4.00) Wwluginedamans d3xadineanslansa C (1.00-
2.49) fagansaiseu TOT (@vnnaluladfdva)

N7 25 MINAUUHUNTFoU LA (Fad-n1w1) finseinAatzegszming A (3.00-4.00) fu B (2.50-2.99) A
aNIASEY ATG (v maluladaninenssy)

ngil 26 MnauunuMTFeu LA @ad-nw) finsadn@auzlél C (1.00-2.49) Tilughinnsnuendnuas
wialulad mndvnisauenTnwasmalulad A (3.00-4.00) Aagausasew TOT (@vunaluladaivia)

ngil 27 mnauunumsFeu LA @ad-nw) fiinsadn@auzld C (1.00-2.49) Wilughinnsnuendnuas
wialulad mndvnsanuennwasmalulaglaingn B (2.50-2.99) Azanunsa ATG (v maluladanilnenssy)

ngil 28 mMnauunumsFeu LA @ad-nw) finsadn@auzld C (1.00-2.49) Wilughvnsnuendnuas
walulad mnivinsnueInuazimaluladliingn C (1.00-2.49) Aganansaidey BHE (@w1avnssuemans)

N9l 29 mnauununsBeudou CA @ad-duin) Sinseivnwdnguegszning A (3.00-4.00) fu C
(1.00-2.49) fAzanusadeu TOT @ maluladidva)

N 30 neuuNLAsFeuSeu CA @Eatd-Awan) finseivarndenguls 8 (2.50-2.99) luginmsnu
adnuaemAlulad dvndvinsnuenuasmalulagle A (3.00-4.00) AzanansaiSeu TOT @Evmalulagndva)

Al 31 MnuuRunsBeuEy CA @ad-Auay) finseivmwdanguls 8 (2.50-2.99) Wluginns
Nu@nuasmalulad dnndnsuendnuasinaluladedsening B (2.50-2.99) fiu C (1.00-2.49) Aagause
138U BHE (@101Annssuans)

ngit 32 snauuwunsSeuEeu AG @ad-ily) finsninniwdinguogszning A (3.00-4.00) fu B
(2.50-2.99) fagausaiseu BHE (@1v1Avnssumans)

ngit 33 MnauusuMsEeuEeu AG (@ad-Mly) finsainnwidanguldinga C (1.00-2.49) fazannsa
S8 BNT (@wwmalulaggnaimnig)

A15799 1 HAANIVDIDANDSNULAALLUU

Algorithm 5 folds 10 folds
Accuracy F-Measure Accuracy F-Measure
148 70.7383 0.788 71.2752 0.788
IBK 65.6376 0.667 66.7114 0.667
Random forest 68.5906 0.813 68.7248 0.762
Random Tree 66.1745 0.656 68.0537 0.668

9171015199 1 Weulanlaainnisneassmelusknsy Weka ngldwmaiia Classification danasiy J4s IBK

Random forest uag Random Tree lngl415 5 Fold uag 10 Fold 98 aunsauusnalaninisng Ineldis Cross-
validation Test azufiulédnslédanaifiu Jas uus feyauuy 10 folds Hududeulaifienuindedouniias
PiTedsiannivieundindulaens Woulusunsilveglusuuuuveniuueunaindu idesannnadnsitlévin s
anunsathuluiiisdenseuauiviiuaaginemansuasmalulagld
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LUIAANTIYBIMATA i’JUi’JW?JIEJJJ“a j’mj’gwﬁag&aﬁﬁwaqg
msviunilesdeya # USudeyalviauysal # wis Thdugaideniu
ANTIATIEINSIEBN (Data Cleaning) (Data Integration)
aMUBIUNAnNY
szAUUSYYIRS
AUEINEAERILAY l
wialulad
WinInendesadnaiie Classification n1531uundaya laeld
daneifiu vansuuuLieradnsinian
Wanduueundindu h Random forest 148

l Random tree IBK

User (§ldanusialy)
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mnmsviudiodeyannyadeyailldinunldinulumsideaded 1imundeuladmivlslunisium
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fosfnveaivueundiaduiiiannififiosguaszuuiissnufeanduiiamnsavnisdmendoya aasding
Wawsiesanlasn

dyuna

31NN1Inaaesnelusunsy Weka lngldinalia Classification 48ane39iu Jas IBK Random forest wa
Random Tree 1ngl#33 Cross-validation Test agiulédnnislédanadfiu Jas uisteyauuu 10 folds Suidu
Foulviidenunindefiouniian Feiliuuenndiadu TunisheduiidoniFouavinlunugingmaniuay
walulad uniinedoswingiin Tnenaildannsinsesidu aenrdesiuinguszasd il (1) ilediesesing
doniseuanuiniuaasinemansiavmalulad unnine1desudggie veaindnwiszaudSyges (2) o
frnglumaidenauiviFeul i auiuin@nuimdasdandnuluenyineman fuazelulad
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