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ABSTRACT

This research aims to compare performance of 3 data mining techniques: Neural Network, Naive
Bayes, and k-Nearest Neighbor, that which one is the most effective technique to classify data. The import
data is high school academic performance of students who were studied in Phuket Rajabhat University
Computer program since year 2011 — 2015 totally 930 datasets. The Data set includes: the first semester
in university average academic performance, high school GPAX, and each 8 course categories GPAX.
Finally, the data mining technique comparison result found that k-Nearest Neighbor is the highest
efficiency was 71.18% that more than Neural Network and Naive Bayes techniques, which had an average
accuracy of 57.74% and 55.87% respectively. Therefore, to use k-Nearest Neighbor to reduce the inputs
data in order to determine the factor that affect the academic performance of students in the first

semester. The descending order most affected course is Occupations and Technology, Arts, Social Studies,
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Foreign languages, Mathematics, Health and Physical Education, Higsh school GPAX, Science, and Thai

Language.
Keywords: Data Mining, Classification, Algorithm
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